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Abstract: Statistical Machine Translation (SMT) is very popular for its adequate mathematical model,
unsupervised learning capacity, and robustness. Rule-Based Machine Translation (RBMT) and Example-Based
Machine Translation (EBMT) methods are also valuable. Rules are good at modeling linguistic theory and
phenomena. EBMT method is able to translate similar input very well. Multi-strategy machine translation becomes
more and more important in the machine translation community. This paper introduces Toshiba's efforts on RBMT,
EBMT, SMT and the combination of the three methods.
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